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Avian influenza infection dynamics 
under variable climatic conditions, viral 
prevalence is rainfall driven in waterfowl 
from temperate, south‑east Australia
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Abstract 

Understanding Avian Influenza Virus (AIV) infection dynamics in wildlife is crucial because of possible virus spill over 
to livestock and humans. Studies from the northern hemisphere have suggested several ecological and environmen-
tal drivers of AIV prevalence in wild birds. To determine if the same drivers apply in the southern hemisphere, where 
more irregular environmental conditions prevail, we investigated AIV prevalence in ducks in relation to biotic and 
abiotic factors in south-eastern Australia. We sampled duck faeces for AIV and tested for an effect of bird numbers, 
rainfall anomaly, temperature anomaly and long-term ENSO (El-Niño Southern Oscillation) patterns on AIV preva-
lence. We demonstrate a positive long term effect of ENSO-related rainfall on AIV prevalence. We also found a more 
immediate response to rainfall where AIV prevalence was positively related to rainfall in the preceding 3–7 months. 
Additionally, for one duck species we found a positive relationship between their numbers and AIV prevalence, while 
prevalence was negatively or not affected by duck numbers in the remaining four species studied. In Australia largely 
non-seasonal rainfall patterns determine breeding opportunities and thereby influence bird numbers. Based on our 
findings we suggest that rainfall influences age structures within populations, producing an influx of immunologically 
naïve juveniles within the population, which may subsequently affect AIV infection dynamics. Our study suggests that 
drivers of AIV dynamics in the northern hemisphere do not have the same influence at our south-east Australian field 
site in the southern hemisphere due to more erratic climatological conditions.

© 2016 Ferenczi et al. This article is distributed under the terms of the Creative Commons Attribution 4.0 International License 
(http://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium, 
provided you give appropriate credit to the original author(s) and the source, provide a link to the Creative Commons license, 
and indicate if changes were made. The Creative Commons Public Domain Dedication waiver (http://creativecommons.org/
publicdomain/zero/1.0/) applies to the data made available in this article, unless otherwise stated.

Introduction
Knowledge of infection dynamics is central to our under-
standing of zoonotic diseases, their impact on wildlife 
populations and the potential of these diseases to spill 
over into domestic animal or human populations [1]. 
Avian influenza virus (AIV) in its low pathogenic form, 
causing only mild or non-detectable clinical signs, occurs 
naturally in wild bird populations [2]. Recently there 
has been increasing interest in AIV infection dynamics, 
largely in response to highly pathogenic AIV outbreaks in 

domestic poultry and the possibility of virus transmission 
to humans [3].

In the northern hemisphere, AIV prevalence shows 
marked seasonal fluctuations in wild bird communities, 
with a yearly peak in late summer/early autumn, fol-
lowed by low prevalence in winter [4, 5]. However the 
degree of seasonality varies geographically, with seasonal 
amplitude or intensity, tending to be lower and longer-
lasting at low latitudes. In a continent-wide comparison 
of North American AIV data from waterfowl, Lisovski 
et al. (unpublished data) found a relationship between the 
shape of the annual infection dynamics and the degree of 
seasonality. Overall seasonal intensity and duration were 
positively correlated with geographically correspond-
ing amplitudes and durations of the infection peak. In 
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contrast to the northern areas, in southern North Amer-
ica, Lisovski et al. found much less pronounced seasonal 
variation in AIV infection dynamics than in comparable 
northern sites.

Extreme climate anomalies are observed in both hemi-
spheres [6]. These anomalies are primarily related to the 
El Niño Southern Oscillation (ENSO) [6], which reflects 
fluctuating ocean temperatures in the east equatorial 
Pacific [7, 8]. Although ENSO has a nearly global effect 
on climate, it particularly affects precipitation patterns in 
the southern hemisphere with extreme rainfalls occur-
ring in the central and eastern Pacific, Peru, Ecuador 
and Southern Brazil and droughts in Australia, Indone-
sia, India, West Africa and Northeast Brazil [6]. In Aus-
tralia ENSO drives the erratic and less seasonal weather 
patterns that are characteristic over large parts of the 
continent, particularly the south-east [9, 10]. As a conse-
quence, AIV dynamics in the southern hemisphere may 
differ from the widely observed seasonal dynamics in the 
northern hemisphere.

While tens of thousands of individual wild birds have 
been sampled for AIV in the northern hemisphere [11, 
12], a comparatively smaller number have been sampled 
in Australia [13, 14] and there remains a lack of informa-
tion on AIV prevalence and temporal variation in wild 
birds from the southern hemisphere. Based on northern 
hemisphere studies, the main reservoirs of AIV belong to 
the family Anatidae (swans, geese and ducks) [11, 15, 16]. 
The highest infection rates occur in the subfamily Anati-
nae (dabbling ducks), with nearly all AIV subtypes being 
found in wild dabbling ducks [4, 11]. This may be due to 
their “surface-feeding” behaviour, which makes dabbling 
ducks particularly prone to infection via the fecal-oral 
route [4, 17]. Furthermore, some dabbling ducks often 
feed on land, including farm pastures, where they may 
mix with domestic birds [18, 19]. As Australian dabbling 
duck species share many similarities in behavior and 
ecology with their northern hemisphere counterparts 
[17, 18, 20], we consider it highly likely that dabbling 
ducks and other Australian ducks with related ecologies, 
are potentially important reservoirs of AIV in Australia.

In the northern hemisphere the following three mecha-
nisms have been suggested in maintaining the seasonal-
ity of AIV dynamics among waterbird communities: (1) 
the annual increase in abundance of immunologically 
naïve young birds results in a higher number of individu-
als susceptible to infection in the waterbird community 
[4, 16], (2) the seasonal congregation of migratory birds 
at staging and wintering sites increases contact rates and 
thereby infection rates [4, 21], and (3) migration influ-
ences an individual’s susceptibility to infection since long 
distance movements are energy demanding and may 
potentially impair immuno-competence [22]. These three 

hypothesized, key drivers of AIV dynamics are all linked 
to the annual breeding cycle of waterfowl [4].

Water availability is an important factor in the ecol-
ogy of waterfowl in Australia [18, 23, 24]. Across much 
of the Australian continent, climatic conditions are 
extreme and non-seasonal [25]. Although regular rains 
fall seasonally in the tropics (summer) and the temper-
ate south-east and south-west (winter-spring) regions, 
water availability varies largely non-seasonally across 
the rest of the continent. Inland areas, in particular, may 
lack water for longer periods. Inland Australia contains 
extensive flood-plains and wetland systems that may be 
filled by water-flows from distant rain events [26]. In 
south-eastern Australia inter-annual variation in rainfall 
is very high, with marked effects on breeding waterfowl 
[9]. Wet and dry periods can persist for several years 
[25], occasionally creating extreme climate events, such 
as the “Big Dry” phenomenon in south-eastern Australia 
between 1997 and 2009 [27]. These inter-annual and 
multi-year periodic climate changes are ENSO linked [9, 
28]. Periods of drought across east, especially south-east 
Australia usually correlate with the El Niño phase of the 
ENSO, when the Pacific Ocean is warm and atmospheric 
pressure is higher than average across Australia [10]. The 
extreme rainfall events occur during the La Niña phase of 
ENSO, when the ocean is cooler and atmospheric pres-
sure is below average [10].

These ENSO driven irregular climatic conditions 
strongly influence the movement and breeding biol-
ogy of many Australian waterfowl at local, regional and 
continental scales [20, 29]. After high precipitation, bird 
numbers increase at flooded areas where food resources 
become available, creating appropriate conditions for 
breeding [30, 31]. During these wet periods bird num-
bers decrease at permanent wetlands, and the birds 
only return when the temporary wetlands begin to dry 
[9]. Klaassen et  al. [32] suggested that the non-seasonal 
and often multi-year alternations of wet and dry peri-
ods that influence the ecology of waterfowl might there-
fore also affect the temporal patterns of AIV prevalence 
on the Australian continent. Adopting the same three 
hypotheses mentioned above, but now applying them 
to the typical climatic conditions of the Australian con-
tinent, Klaassen et  al. hypothesized that intense rain-
fall leads to breeding events and increased numbers of 
immunologically naïve juvenile birds. After breeding, 
when the temporary wetlands dry, increasing densities 
of (immunologically naïve) waterbirds returning to per-
manent water bodies might be driving AIV prevalence in 
wild waterfowl in Australia. Another study in Australia 
showed a relationship between regional variation in rain-
fall and evolutionary dynamics of AIV that is possibly 
linked to waterbird movements and behavior [33].
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To test Klaassen et al.’s hypothesis for south-east Aus-
tralia, we investigated AIV prevalence in faecal samples 
from dabbling ducks in relation to biotic (bird numbers) 
and abiotic (weather) drivers at a major permanent wet-
land, the Melbourne Water Western Treatment Plant 
(WTP), 40 km from Melbourne, Australia, between 2006 
and 2012.

Materials and methods
Faecal sampling and analysis
Faecal samples for AIV analyses were collected at the 
WTP waste-stabilization ponds, operated by Mel-
bourne Water in Victoria, Australia (37°59′11.62′′S, 
144°39′38.66′′E). The WTP covers 10851 ha and consists 
of a 1820  ha array of sewerage ponds (Figure  1). This 
Ramsar-listed pond system is one of the most signifi-
cant sites for waterbirds in Victoria, providing habitat for 
numerous waterfowl species that often occur in flocks of 
up to tens of thousands of individuals [19, 34, 35], with 
totals sometimes exceeding 100 000 [19, 36].

We sampled faeces of roosting waterbirds at WTP’s 115 
East Lagoon, between 2006 and 2012. This site was cho-
sen as it offers several of the few land-based roosting sites 
for waterbirds in the area, is closed to the public and har-
bours large numbers of waterbirds at all times of the year. 
Samples were collected at irregular intervals, with two 
to nine (X̄ = 4.8) collection events per year. Each collec-
tion event covered 1–3 days. Prior to faecal sample col-
lection (i.e. before flushing the birds), waterfowl species 
at the roost locations were identified, with species being 

recorded as present/absent. As waterfowl are commonly 
found roosting in mixed species flocks (M. Ferenczi and 
M. Klaassen, personal observations), it was not possible 
to positively link species to individual faecal samples. 
Three fresh faecal samples were collected into each vial 
containing 4  mL viral transport media, with 13 to 365 
(X̄ = 96.9) pooled samples (hereafter called “samples”) 
being collected per collection event. The viral trans-
port media used was consistent with standards outlined 
in Johnson [37]. Samples were immediately chilled and 
transported to the laboratory of the Department of Eco-
nomic Development in Melbourne, within 1 h drive from 
the study site. Samples were then stored at 4 °C until ana-
lysed for AIV presence, within 1–7 days after collection. 
AIV presence was tested using an influenza A PCR tar-
geting the highly conserved matrix gene. Samples were 
processed for RNA extraction using 5XMagMAX-96 
Viral Isolation Kit (Ambion Cat. No AMB1836-5) on 
a Thermo KingFisher-96 Robot. A volume of 35 μL was 
then run in a Superscript III Platinum One-Step qRT-
PCR Kit with ROX (Life Technologies 11745-100) using 
a Px2 Thermal Cycler PCR machine. A volume of 5 μL 
(diluted 1/100) was then transferred to 15 μL Fast SYBR 
Green mastermix (Life Technologies 4385612) solution 
and the PCR performed in an ABI 7500 Real Time PCR 
machine. AIV prevalence with 95% CIs was calculated for 
each month within which a collection event took place, 
resulting in 34 prevalence estimates across the 7  year 
period.

Bird counts
During the 2006–2012 study period regular waterbird 
counts were conducted as part of a longer-term study for 
Melbourne Water, with the total numbers of each water-
bird species counted on each treatment pond [19]. These 
counts were carried out over a period of 1–6 days typi-
cally during the months of January, February or March, 
May, July, September and November. Additional counts 
were also conducted in June 2006 and in October 2010.

For our comparison of bird counts with AIV preva-
lence, we combined count data from all ponds to give 
the total of all birds counted over the entire WTP area. 
A total of 94 waterbird species were observed. For our 
analysis, we excluded species observed fewer than ten 
times during the 7 year study period. For the remaining 
66 species we conducted a principal component analysis 
(PCA) in R [38] in an attempt to reduce the number of 
variables (i.e. species) into a smaller number of principal 
components that could account for most of the variance 
in the observed species numbers. We also conducted a 
PCA across the 13 guilds (coots, dabbling ducks, diving 
ducks, filter-feeding ducks, fish-eaters, grazing ducks, 
grebes, gulls, waterhens, large wading birds, swans, terns 

Figure 1  Geographic regions. Monthly rainfall and temperature 
anomalies were calculated for the following geographic regions: 
Western Treatment Plant, Victoria, South-eastern Australia and Mur-
ray–Darling Basin. Adapted from Australian Bureau of Meteorology.
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and waders) to which these 66 species belong. Neither 
the species nor guild PCA resulted in a limited number 
of principal components explaining a large proportion of 
the variation in bird numbers. For our comparison of bird 
counts with AIV prevalence we thus changed strategy 
and focused on only those species that were both abun-
dant and frequently observed at the faecal sampling sites.

At the faecal collection sites a total of 11 species were 
recorded across all collection events. Ducks, and notably 
dabbling ducks (Anatinae), are thought to be the main 
reservoir for AIV in the northern hemisphere (see “Intro-
duction” section), therefore we focused on duck species 
that were observed at the faecal collection sites: Austral-
ian Shelduck (Tadorna tadornoides) (3.5% of all birds 
recorded), Pacific Black Duck (Anas superciliosa) (32.6% 
of all birds recorded), Pink-eared Duck (Malacorhyn-
chus membranaceus) (5.8% of all birds recorded) and Teal 
spp (33.7% of all birds recorded). As teal were observed 
as mixed flocks of Grey (Anas gracilis) and Chestnut 
Teal (Anas castanea), both species were included in the 
analysis. Of these five species, two are not dabbling ducks 
(Australian Shelduck and Pink-eared Duck); however, 
these species show many similarities to dabbling ducks 
in their ecology, and oropharyngeal/cloacal samples from 
these two species have also regularly tested positive for 
AIV in other projects in Australia [14]. These five selected 
species contributed 70.58% of the duck population at 
WTP at any one point in time. The Australasian Shov-
eler (Anas rhynchotis) was also frequently observed in 
the area, but was excluded from analysis as it was rarely 
observed roosting at the locations where faecal samples 
were collected (W. Steele personal communications), 
thus samples collected are unlikely to be from Australian 
Shovelers. Of the bird species considered, Grey Teal and 
Pink-eared Duck breed mainly on ephemeral wetlands in 
inland Australia whereas the other three have substantial 
local breeding populations in south-eastern Australia [9, 
18, 39]. These differences produce contrasting patterns 
of variation in numbers of birds at permanent wetlands 
in south-eastern Australia [19, 40]. To allow matching of 
bird count and AIV data, we used linear interpolation of 
the bird count data for the five species to obtain monthly 
bird counts.

Weather data
Monthly rainfall and temperature (anomaly) data were 
obtained from the Australian Bureau of Meteorology for 
four geographic regions of progressively increasing size: 
WTP (105  km2), Victoria (VIC) (227  600  km2), South-
eastern Australia (SE) (723 333 km2) and Murray–Darling 
Basin (MDB) (1 056 450 km2) (Figure 1). For all regions 
except WTP, anomalies were provided online and were 
calculated as departures from the 1961–1990 average 

reference values [41]. For WTP we calculated anomalies 
from downloaded rainfall and temperature data using 
departures from the reference values in VIC (1961–1990) 
as rainfall and temperature data were not available for all 
years at WTP between 1961 and 1990.

The first 3 years of our study occurred during a period 
of drought, and the last 4 years during a wet period. To 
investigate the effect of these long-term, ENSO driven 
weather effects, we included an additional “ENSO 
drought/wet” factor in our models, which was either 
“dry” (2006–2009) or “wet” (2010–2012).

Statistical analysis
Effects of biotic drivers (bird numbers) on AIV prevalence
To examine the effects of bird numbers (i.e. bird count 
data) on AIV prevalence, we used generalized linear 
models (GLM) weighted for total sample size (i.e. num-
ber of AIV samples collected at each collection event). A 
total of five GLMs were run, one for each species, with 
monthly AIV prevalence as the binomial response vari-
able and bird numbers as the explanatory variable.

Effects of abiotic drivers (weather) on AIV prevalence
The effects of weather are not always immediately 
expressed in ecological processes, thus there may be a 
cumulative effect and a “time-lag” between changes in the 
weather and AIV prevalence [42, 43]. To investigate these 
cumulative and time-lag effects of rainfall and tempera-
ture on monthly AIV prevalence we calculated the average 
rainfall and temperature anomalies over the same month 
in which the prevalence estimate took place, and the pre-
ceding 1–12 months. Thus each monthly AIV prevalence 
estimate was compared with the average rainfall and tem-
perature data from the same month and the preceding 
month, the same month and the preceding 2 months, same 
month and preceding 3  months, etc. up to 12  months. 
These twelve “time-lag classes” for rainfall and tempera-
ture anomalies were calculated for all four geographic 
regions. We tested for effects of rainfall anomalies, tem-
perature anomalies, and “ENSO drought/wet” factor on 
AIV prevalence using GLMs. A total of 48 GLMs were 
run for all possible combinations of regions (4) and time-
lag class (12) weighted for total sample size (i.e. number of 
AIV samples collected at each collection event). Monthly 
AIV prevalence as the binomial response variable was ana-
lyzed in relation to rainfall anomaly, temperature anomaly 
and “ENSO drought/wet” factor as explanatory variables. 
Within each region the best fitting model(s) among the 
12 time-lag classes were selected based on their Akaike 
information criterion (i.e. lowest AIC value as best fit and 
ΔAIC  <  2) [44]. Combining the above analyses in a sin-
gle GLM would result in an over-parameterization of the 
models and result in spurious outcomes.
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Interaction of biotic and abiotic drivers affecting AIV 
prevalence
To understand how bird numbers and weather data 
might potentially interact in ultimately explaining AIV 
prevalence, we analyzed the relationship between bird 
counts and (time-lagged) weather data in a similar fash-
ion as outlined above using linear models (LM). A total 
of 240 LMs were run for all possible combinations of 
geographic regions (4), species (5), and time-lag class 
(12), in which monthly bird counts as the response vari-
able were analyzed in relation to rainfall anomaly, tem-
perature anomaly and “ENSO drought/wet” factor as 
explanatory variables. Within each region and species, 
the best fitting model(s) were selected based on their 
AIC value [44], and the significance level of explanatory 
variables. Selected models had to have a ΔAIC < 2 and at 
least one of the explanatory variables had to be signifi-
cant (i.e. p < 0.05).

We ran the above three clusters of models rather than 
running full-factorial models, combining all possible 
combinations of abiotic and biotic factors to explain 
viral prevalence, since the latter resulted in over-
parameterization and underidentified models [45]. We 
Z-transformed all variables prior to statistical analy-
ses to allow appropriate comparison of the effect sizes 
(in terms of odds ratios) of the explanatory variables. 
After GLM and LM analyses, effect sizes of the param-
eter estimates were calculated as odds ratios (OR) of the 
Z-transformed explanatory variables. An OR  >  1 indi-
cates a positive, whereas an OR < 1 indicates a negative 
effect of the explanatory variable. All analyses were con-
ducted using R [38].

Results
A total of 3295 pooled faecal samples were collected, 
of which 179 (5.43%) tested positive for AIV. Over the 
7 year period AIV prevalence varied greatly, without any 
apparent seasonal pattern (explicit testing of seasonality 
was not prudent given the many time gaps in the data; 
Figure  2). Bird numbers also fluctuated greatly, with 
some species showing clear seasonal variation in num-
bers (termed “seasonal” species such as Chestnut Teal, 
Australian Shelduck and Pacific Black Duck) and others 
less so (termed “non-seasonal” species such as Grey Teal 
and Pink-eared Duck) (Figure  2). The “seasonal” spe-
cies have substantial breeding populations in temperate 
south-eastern Australia in permanent wetlands, whereas 
the “non-seasonal” species breed mainly inland where 
wetland availability is more erratic [18]. Rainfall and tem-
perature data also showed high variability between years. 
In particular, rainfall increased in amount and frequency 
at the beginning of 2010 when the drought from the pre-
vious 10 years broke (Figure 2).

Effects of biotic drivers (bird numbers) on AIV prevalence
The relationship between AIV prevalence and bird num-
bers varied among the five bird species (Table  1). AIV 
prevalence was significantly positively related to Austral-
ian Shelduck numbers, significantly negatively related to 
Grey Teal and Pink-eared Duck, and not correlated with 
Chestnut Teal and Pacific Black Duck numbers (Table 1).

Effects of abiotic drivers (weather) on AIV prevalence
Out of the 48 models that examined AIV prevalence in 
relation to rainfall anomalies, temperature anomalies 
and “ENSO drought/wet” factor for the various regions 
and time-lag classes, seven models were found to have a 
ΔAIC < 2. In these seven best models, rainfall anomalies 
had a significant and substantial positive effect on AIV 
prevalence (Table 2). This significant result also held true 
for most of the remaining models [OR 1.43–2.48; (Addi-
tional file 1)]. Five of the seven best models in WTP, VIC 
and SE also showed a significant positive effect of “ENSO 
drought/wet” factor on prevalence, wet years being asso-
ciated with a higher AIV prevalence (Figure 2, Table 2). 
This also held true for 18 of the remaining models (Addi-
tional file 1).

Temperature anomaly had a significant positive effect 
on AIV prevalence in only one of the seven best models 
(Table 2). In the remaining models, the effect of tempera-
ture anomalies on AIV prevalence had a mix of signifi-
cant positive and negative effects (Additional file 1).

Investigating the time-lag classes of the models, we 
found that environmental conditions averaged over the 
preceding 3 months to preceding 7 months provided the 
best model fits (Table 2).

Interaction of biotic and abiotic drivers affecting AIV 
prevalence
The positive effect of these short and long-term rainfall 
patterns on AIV prevalence described above is likely 
mediated through a complex interaction with bird num-
bers. We found that numbers of “seasonal” species that 
breed in south-eastern Australia were either positively 
(Australian Shelduck), or not (Chestnut Teal and Pacific 
Black Duck) related to AIV prevalence (Table  1). Num-
bers of these duck species did not show any (consist-
ent) patterns in numbers in relation to climatic variables 
(Table 3, Additional file 2). “Seasonal” bird numbers were 
not affected by “ENSO drought/wet” factor and mostly 
unaffected by rainfall anomalies (with positive and nega-
tive effects in only a few cases). Temperature anomalies 
had mainly mixed positive and negative effects on “sea-
sonal” bird numbers (Table  3, Additional file  2). These 
results were apparent across all time-lag classes (i.e. 
all 240 models tested; Additional file  2), including the 
selected best models (Table 3).
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The “non-seasonal” species (i.e. Grey Teal and Pink-
eared Duck) that tend to move long distances and 
breed inland, were negatively related to AIV prevalence 
(Table 1). Duck numbers were negatively related to rain-
fall and temperature (Table  3, Additional file  2), with 
numbers at the WTP dropping when the wet period 
started (2010), suggesting they indeed left the area to 
breed inland (see Figure  2). For the “seasonal” species, 
the best models were apparent across almost all time-lag 
classes, yet the best models for “non-seasonal” species 
were restricted to 9, 11, and 12  month time-lag classes 
(i.e. conditions averaged over the preceding 9, 11 and 
12 months; see Table 3).

An integrated summary of the results is presented in 
a schematic diagram in Figure  3, including an interpre-
tation of the correlations found into possible direct and 
indirect effects.

Discussion
We found AIV prevalence among wild dabbling ducks to 
be related to rainfall patterns. This was apparent at two 
temporal scales: as a positive effect of long term rainfall 
patterns (“ENSO drought/wet” factor) that was linked 
to the wet period 2010–2012, and as a more immedi-
ate positive response (albeit with time-lag effects of 
three to 7  months; i.e. best results were obtained when 
considering rainfall in the preceding 3–7  months). 
ENSO and rainfall in SE Australia are closely linked 
[9] and the apparent “ENSO drought/wet” effect rein-
forces the importance of the indirect effect of rainfall 
on AIV dynamics rather, than an effect of ENSO per se. 
The occasional lack of an ENSO drought/wet effect on 
AIV prevalence at larger geographical scales (i.e. MDB 
and SE) is probably due to ENSO’s effects being already 
explained by rainfall anomalies. AIV prevalence showed 
a clear positive relationship with duck numbers for only 
one “seasonal” species (Australian Shelduck) and was not 
related to numbers of the remaining two “seasonal” spe-
cies (Chestnut Teal and Pacific Black Duck). Numbers of 
both “non-seasonal” duck species (Grey Teal and Pink-
eared Duck) negatively affected AIV prevalence, thus 
AIV prevalence at the WTP was highest when these spe-
cies were away breeding (i.e. when their numbers were 
low at the WTP). As discussed below, rainfall patterns 
importantly determine breeding opportunities and are 
therefore linked to bird numbers [19]. Thus rainfall can 
influence age structures within the duck community, 
which may subsequently affect AIV dynamics. However, 
we cannot rule out that rainfall may also have a direct 
effect on AIV dynamics, as AIV is generally highly persis-
tent in water [46].

In contrast to the northern hemisphere, a determina-
tive feature of the southern hemisphere climate is the 
ENSO linked irregularity in both timing and location 
of wet and dry periods [6, 29, 39]. These erratic climate 

Table 1  Odds ratios (OR) and AICs for the best fitting gen-
eralized linear models of the effects of bird number of five 
waterfowl species on AIV prevalence

An OR > 1 indicates a positive, whereas an OR < 1 indicates a negative effect 
of the explanatory variable (i.e. OR > 1 means that AIV prevalence was greater 
when bird numbers were higher and OR < 1 means that AIV prevalence was 
greater when bird numbers were lower). Stars indicate significance level: 
***p < 0.001.

Species Seasonality  
(breeding area)

Species number  
OR

AIC

Australian Shelduck Seasonal (south- 
eastern Australia)

1.91*** 322.11

Chestnut teal Seasonal (south- 
eastern Australia)

1.09 383.60

Grey teal Non-seasonal  
(inland)

0.40*** 272.49

Pacific black duck seasonal (south- 
eastern Australia)

0.94 384.07

Pink-eared duck Non-seasonal  
(inland)

0.56*** 316.13

Table 2  Odds ratios (OR) and AICs for the best fitting generalized linear models describing the effects of rainfall anomaly, 
temperature anomaly and “ENSO drought/wet” factor on AIV prevalence

An OR > 1 indicates a positive, whereas an OR < 1 indicates a negative effect of the explanatory variable (e.g. OR > 1 means that AIV prevalence was greater when 
rainfall anomaly was higher and OR < 1 means that AIV prevalence was greater when rainfall anomaly was lower). Regions: WTP (Western Treatment Plant), Victoria 
(VIC), South-eastern Australia (SE) and Murray–Darling Basin (MDB). Stars indicate significance levels: ***p < 0.001; **p < 0.01; *p < 0.05.

Time-lag  
class

Region Rainfall  
anomaly OR

Temperature  
anomaly OR

“ENSO  
drought/wet” OR

AIC

3 WTP 1.55*** 0.88 1.49*** 228.27

5 VIC 1.67*** 0.97 1.35** 231.33

4 SE 1.59*** 0.88 1.37** 234.69

5 SE 1.64*** 0.95 1.36** 234.16

6 SE 1.74*** 1.07 1.32* 233.32

7 SE 1.80*** 1.04 1.23 235.01

6 MDB 2.48*** 1.34* 1.08 213.16
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patterns may relax seasonality in breeding, where repro-
duction occurs during periods of higher rainfall and 
associated increases in food availability [18, 20, 23]. For 
some “seasonal” Australian ducks this means that the 
annual time window within which breeding can take 
place is much wider in wet years than what is typically 
found in northern hemisphere birds (5–7 vs. 3  months 
respectively) (e.g. Pacific Black Duck and Chestnut Teal 
[18]). For other “non-seasonal” species breeding may 

be completely opportunistic, and take place at any time 
of the year after intense rainfall, with multiple broods 
per breeding season possible (e.g. Grey Teal and Pink-
eared Duck [18]). Pink-eared Ducks may begin to breed 
8–28  days after intense rainfall [18]. Gonadal develop-
ment in Grey Teal takes place ~60 days prior to breeding 
after intense rainfall [47, 48]. In our data, the relationship 
with rainfall for these “non-seasonal”, inland breeding 
ducks is evident. However, the best models indicate that 

Table 3  Odds ratios (OR) and AICs for the best fitting linear models describing the effects of rainfall anomaly, tempera-
ture anomaly and “ENSO drought/wet” factor on bird number of five waterfowl species

An OR > 1 indicates a positive, whereas an OR < 1 indicates a negative effect of the explanatory variable (e.g. OR > 1 means that bird numbers were higher when 
rainfall anomaly was higher and OR < 1 means that bird numbers were higher when rainfall anomaly was lower). Regions: WTP (Western Treatment Plant), Victoria 
(VIC), South-eastern Australia (SE) and Murray–Darling Basin (MDB). Stars indicate significance levels: ***p < 0.001; **p < 0.01; *p < 0.05. Empty cells indicate that the 
models were not significant for that region and species, thus best models could not been selected.

Time-lag  
class

Region Species Rainfall  
anomaly OR

Temperature  
anomaly OR

“ENSO  
drought/wet” OR

AIC

3 WTP Chestnut Teal 1.23 0.65* 0.83 95.25

4 WTP Chestnut Teal 1.22 0.63** 0.82 94.06

6 VIC Chestnut Teal 1.03 1.45* 1.02 100.44

7 VIC Chestnut Teal 0.97 1.48* 1.07 99.94

8 VIC Chestnut Teal 0.85 1.44* 1.17 100.34

– SE Chestnut Teal – – – –

12 MDB Chestnut Teal 0.49* 0.60* 1.40 99.68

1 WTP Australian Shelduck 1.09 0.64* 1.11 95.18

2 WTP Australian Shelduck 1.27 0.70* 1.04 95.20

3 WTP Australian Shelduck 1.25 0.69* 1.05 94.75

– VIC Australian Shelduck – – – –

– SE Australian Shelduck – – – –

4 MDB Australian shelduck 1.94* 1.65* 0.99 96.13

5 MDB Australian Shelduck 1.81* 1.74* 1.05 95.18

4 WTP Pacific black Duck 1.12 0.63* 0.85 96.20

5 WTP Pacific black Duck 1.26 0.68* 0.81 96.24

6 WTP Pacific black Duck 1.27 0.67* 0.81 95.87

6 VIC Pacific black Duck 1.01 1.48* 1.02 99.89

7 VIC Pacific black Duck 0.90 1.53* 1.11 98.52

8 VIC Pacific black Duck 0.77 1.49* 1.24 98.63

– SE Pacific black Duck – – – –

1 MDB Pacific black Duck 0.77 0.58** 1.00 95.08

2 MDB Pacific black Duck 0.83 0.56** 0.94 95.08

12 WTP Grey Teal 0.81 0.52*** 0.73 76.85

11 VIC Grey Teal 0.63 0.61** 0.97 84.59

12 VIC Grey Teal 0.74 0.58*** 0.85 83.29

11 SE Grey Teal 0.57* 0.60*** 0.99 84.38

12 SE Grey Teal 0.65 0.56*** 0.86 82.86

11 MDB Grey Teal 0.34*** 0.51*** 1.23 83.39

12 MDB Grey teal 0.37*** 0.48*** 1.10 84.71

11 WTP Pink-eared Duck 0.60* 0.60*** 0.96 80.33

9 VIC Pink-eared Duck 0.42*** 0.66*** 1.32 72.29

9 SE Pink-eared Duck 0.38*** 0.70** 1.40 74.99

9 MDB Pink-eared Duck 0.32*** 0.69* 1.44 79.13
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their numbers decrease at the WTP in relation to rain-
fall averaged over the preceding 9  months to preceding 
12 months after inland rain (Table 3), with the remaining 
models also showing significant results with rainfall aver-
aged over the preceding 2 to preceding 12 months (Addi-
tional file 2).

We included temperature in our analysis as in the 
northern hemisphere AIV prevalence has been shown to 
increase during the colder months [49] and AIV survival 
has generally been shown to be negatively related to tem-
perature [50]. However, we found no support for such an 
effect in our data; AIV prevalence was largely unrelated 
or, in one case only, positively rather than negatively 
related to temperature. However, we did find a negative 
relationship between temperature and “non-seasonal” 
bird numbers, suggesting that at higher temperature 
(with 9–11 month time-lag effects) “non-seasonal” duck 
species leave the coastal area and travel inland to breed. 
Although not as strong as the effect of rainfall (which 
may increase nutrient input into wetlands and also has 
a strong positive effect on total wetland area (for MDB 
during the period of our study r =  0.68) [51], relatively 
high temperatures may boost wetland primary produc-
tivity and thereby improve conditions for breeding [52].

Our results indicate that AIV dynamics are not sim-
ply a function of bird numbers. This is notably true for 
the “non-seasonal” species (Grey Teal and Pink-eared 
Duck), which show a negative relationship between AIV 
prevalence and bird numbers. The negative relationship 
between AIV prevalence and “non-seasonal” bird num-
bers overlapping in time (i.e. overlapping time-lags) with 
the positive relationship between rainfall and AIV preva-
lence suggests that the highest AIV prevalence might not 
be observed when numbers of “non-seasonal” species are 
at their highest. As we discuss below, age-structure is a 
key element of our hypothesis and the bird numbers per 
se do not reflect the ratio of adults and juveniles. This 
may be the result of different arrival time of juveniles 
and adults in the area (i.e. after breeding, inland juveniles 
return earlier, while adults remain inland to have second 
clutches). In the northern hemisphere juvenile birds have 
been identified as possible drivers for AIV, having higher 
virus isolation frequency than adults [16]. Van Dijk et al. 
also showed that the AIV peak in a Mallard (Anas platy-
rhynchos) population was driven by juvenile birds in the 
summer as they shed more viruses and also antibod-
ies against AIV were barely detectable in their blood, 
in contrast to adults [14]. Although we lack data on the 

Figure 3  Diagram summarizing the main relationships between climate factors, bird numbers and AIV prevalence. Arrows show the 
direction of the effects, including potential time-lags. The colour of the arrows indicates the direction of the correlations and whether the relation-
ship is direct or indirect (white—direct negative effect; grey—mixed direct effects (positive effect of one species and no effects for the two other 
species); black—positive indirect effect). The close link between rainfall and ENSO drought/wet is reflected by their partial overlap in the diagram.
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proportion of juveniles in the monitored populations, we 
suggest that an influx of juveniles that arrive from inland 
areas together with more locally hatched juvenile birds, 
is the likely a driver of AIV prevalence dynamics at our 
study site. This would be consistent with the time-lag of 
3–7  months between rainfall and AIV prevalence. Both 
Pink-eared Duck and Grey Teal have a ~26–28 day incu-
bation period and typically require ~55 days to complete 
total body and feather growth of ducklings [18]. Thus 
the first juvenile birds might be expected to arrive at 
the WTP 3–5  months after significant rainfall. In other 
waterfowl species, for example Pacific Black Duck and 
Australian Shelduck, breeding is also related to rainfall. 
In these species there is typically a 60–90  day time-lag 
between intense rainfall and onset of laying [23], yielding 
increased juvenile numbers 4–6 months after rainfall. In 
summary, for all duck species combined, following rain-
fall it takes 3–6 months before fully grown juvenile birds 
appear in the population. This coincides with rainfall cal-
culated over the preceding 3–7 months being positively 
related to AIV prevalence in our data.

The positive relationship between resident Australian 
Shelduck numbers and AIV prevalence is possibly related 
to the increase in juveniles along with total numbers for 
this species. The negative relationship between numbers 
of inland breeding species and AIV prevalence possi-
bly indicates that adults may remain breeding in inland 
areas engaging in multiple brooding, while birds present 
at WTP are mainly juveniles that are unlikely to breed in 
their first year. Young birds are known to form high pro-
portions of the Victorian duck population in wet years 
(up to 80%, usually 50 or 0% in dry years) [53, 54]. Unfor-
tunately, no data are available on juvenile percentages in 
the various duck populations at the WTP, necessary to 
confirm our hypothesis.

Analyses of AIV dynamics in other areas of the world 
characterized by erratic climatic conditions are, to our 
knowledge, not available. Several studies, however, have 
highlighted the importance of climate variability in driv-
ing infectious disease prevalence in humans, domes-
tic animals, and wildlife [55–57]. Viral disease outbreak 
cases have also been linked to ENSO driven weather 
anomalies [57]. In some cases, the outbreaks were associ-
ated with drought conditions [e.g. dengue fever, 58] while 
in others heavy rains triggered elevated disease risk (e.g. 
West Nile virus) [59]. In Australia, studies focusing on 
viral diseases also found strong links between rainfall pat-
terns and disease risk. In south-eastern Australia, heavy 
rainfall in summer and autumn increased disease risk of 
Murray Valley encephalitis [60]. Similarly, in south-east-
ern Australia Ross river viral disease was related to high 
summer and winter rainfalls [61]. All of the above men-
tioned viruses are arboviruses for which mosquitos act as 

a vector, their ecology being directly related to weather 
factors, notably precipitation [61]. Yet, besides breeding 
and survival of arthropod vectors, the population dynam-
ics of potential host mammals and birds are also affected 
by ENSO driven weather anomalies [23, 43, 61]. Such 
climate driven changes in host population numbers, age 
structures and body condition may also play a role in the 
temporal patterns in disease dynamics [62, 63]. This par-
allels our suggestion that intense rainfall events affect the 
breeding ecology of waterbirds and concomitantly AIV 
prevalence.

Our study highlights the importance of investigat-
ing disease dynamics in various regions of the world 
with contrasting climatic conditions. Such a compara-
tive approach will allow us to better identify the role of 
hypothesized drivers. In addition, and notably for sys-
tems regularly experiencing extreme weather events, 
such studies may allow for an improved evaluation of 
the consequences of climate change on disease dynamics 
[55].

Abbreviations
AIV: Avian influenza virus; ENSO: El Niño Southern Oscillation; WTP: Western 
Treatment Plant; PCR: polymerase chain reaction; qRT-PCR: real-time quantita-
tive reverse transcription pcr; PCA: principal component analysis; VIC: Victoria; 
SE: South-eastern Australia; MDB: Murray–Darling basin; GLM: generalized lin-
ear model; LM: linear model; AIC: Akaike information criterion; OR: odds ratio.

Competing interests
The authors declare that they have no competing interests.

Author details
1 Centre for Integrative Ecology, School of Life and Environmental Sciences, 
Deakin University, Geelong, VIC 3220, Australia. 2 Department of Economic 
Development, Jobs, Transport and Resources, Biosciences Research, AgriBio, 

Additional files

Additional file 1. Odds ratios (OR) and AICs for generalized linear 
models of the effects of rainfall anomaly, temperature anomaly 
and “ENSO drought/wet” factor on AIV prevalence. An OR > 1 
indicates a positive, whereas an OR < 1 indicates a negative effect of the 
explanatory variable (e.g. OR > 1 means that AIV prevalence was greater 
when rainfall anomaly was higher and OR < 1 means that AIV prevalence 
was higher when rainfall anomaly was lower). Regions: WTP (Western 
Treatment Plant), Victoria (VIC), South-eastern Australia (SE) and Murray–
Darling Basin (MDB). Stars indicate the difference between the signifi-
cance levels: *** = p < 0.001; ** = p < 0.01; * = p < 0.05. Bold numbers 
indicate the best fitting models (ΔAIC < 2).

Additional file 2. Odds ratios (OR) and AICs for linear models 
describing the effects of rainfall anomaly, temperature anomaly 
and “ENSO drought/wet” factor on bird number for five waterfowl 
species. An OR > 1 indicates a positive, whereas an OR < 1 indicates a 
negative effect of the explanatory variable (e.g. OR > 1 means that bird 
numbers were higher when rainfall anomaly was higher and OR < 1 
means that bird numbers were higher when rainfall anomaly was lower). 
Regions: WTP (Western Treatment Plant), Victoria (VIC), South-eastern Aus-
tralia (SE) and Murray–Darling Basin (MDB). Stars indicate the different sig-
nificance levels of the effects: *** = p < 0.001; ** = p < 0.01; * = p < 0.05. 
Bold numbers indicate the best fitting models (ΔAIC < 2 and at least one 
of the explanatory variable is significant).

http://dx.doi.org/10.1186/s13567-016-0308-2
http://dx.doi.org/10.1186/s13567-016-0308-2


Page 11 of 12Ferenczi et al. Vet Res  (2016) 47:23 

Centre for AgriBiosciences, 5 Ring Road, Bundoora, VIC 3083, Australia. 
3 Department of Sustainability and Environment, Arthur Rylah Institute 
for Environmental Research, Heidelberg, VIC, Australia. 4 Present Address: Eco 
Insights, 4 Roderick Close, Viewbank, VIC 3084, Australia. 

Authors’ contributions
MF, CB and MK participated in the design of the study, analyzed data, and 
drafted the manuscript. SW, KO and XW collected the virus samples and 
performed the PCRs. RL participated in the bird data collection, helped to 
interpret the results and participated in finalizing the manuscript. All authors 
read and approved the final manuscript.

Acknowledgements
We thank Melbourne Water and Arthur Rylah Institute for Environmental 
Research for collecting and providing the waterbird count data and the 
Department of Economic Development for collecting and analysing the AIV 
data. The project has been funded by the National Institute of Allergy and 
Infectious Diseases, National Institutes of Health, Department of Health and 
Human Services, under Contract No. HHSN266200400041C. The study was 
also supported by the Australian Research Council (DP 130101935). This works 
was funded in part by the National Avian Influenza Surveillance Program, 
which receives from the Australian Government Department of Agriculture 
and Water Resources and is administered by Wildlife Health Australia. We 
thank all individuals, organisations and laboratories which contributed to 
this analysis/research by providing logistic support, expertise and collection, 
analysis and submission of wild bird influenza virus data to the NAIWB Surveil-
lance Program. We thank Robert Swindley for his contribution of collecting 
the waterbird count data and Kasey Stamation for managing the waterfowl 
database. William Steele commissioned the waterbird counts and made 
suggestions on the earlier version of the manuscript. We thank David Roshier 
for building the various collaborative relationships at the beginning of the 
project and his comments on the manuscript. Additional, much appreciated 
comments on the manuscript were received from Meijuan Zhao and Simeon 
Lisovski. Peter Biro assisted with the statistical analysis. Australian Bureau of 
Meteorology is also thanked for providing all the weather data for analysis.

Received: 13 May 2015   Accepted: 5 November 2015

References
	1.	 Paull SH, Song S, McClure KM, Sackett LC, Kilpatrick AM, Johnson PT 

(2012) From superspreaders to disease hotspots: linking transmission 
across hosts and space. Front Ecol Environ 10:75–82

	2.	 Alexander DJ (2000) A review of avian influenza in different bird species. 
Vet Microbiol 74:3–13

	3.	 Capua I, Alexander DJ (2002) Avian influenza and human health. Acta 
Trop 83:1–6

	4.	 van Dijk JG, Hoye BJ, Verhagen JH, Nolet BA, Fouchier RA, Klaassen M 
(2013) Juveniles and migrants as drivers for seasonal epizootics of avian 
influenza virus. J Anim Ecol 83:266–275

	5.	 Munster VJ, Baas C, Lexmond P, Waldenstrom J, Wallensten A, Fransson 
T, Rimmelzwaan GF, Beyer WEP, Schutten M, Olsen B, Osterhaus ADME, 
Fouchier RAM (2007) Spatial, temporal, and species variation in preva-
lence of influenza A viruses in wild migratory birds. PLoS Pathog 3:e61

	6.	 Kousky VE, Kagano MT, Cavalcanti IF (1984) A review of the Southern 
Oscillation: oceanic–atmospheric circulation changes and related rainfall 
anomalies. Tellus A 36:490–504

	7.	 McBride JL, Nicholls N (1983) Seasonal relationships between Australian 
rainfall and the Southern Oscillation. Mon Weather Rev 111:1998–2004

	8.	 Rasmusson EM, Wallace JM (1983) Meteorological aspects of the El Nino/
southern oscillation. Science 222:1195–1202

	9.	 Norman FI, Nicholls N (1991) The Southern Oscillation and variations in 
waterfowl abundance in southeastern Australia. Aust J Ecol 16:485–490

	10.	 Pittock A (1975) Climatic change and the patterns of variation in Austral-
ian rainfall. Search 6:498–504

	11.	 Olsen B, Munster VJ, Wallensten A, Waldenstrom J, Osterhaus A, Fouchier RAM 
(2006) Global patterns of influenza A virus in wild birds. Science 312:384–388

	12.	 Herrick KA, Huettmann F, Lindgren MA (2013) A global model of avian 
influenza prediction in wild birds: the importance of northern regions. 
Vet Res 44:42

	13.	 Haynes L, Arzey E, Bell C, Buchanan N, Burgess G, Cronan V, Dickason 
C, Field H, Gibbs S, Hansbro PM, Hollingsworth T, Hurt AC, Kirkland P, 
McCracken H, O’Connor J, Tracey J, Wallner J, Warner S, Woods R, Bunn 
C (2009) Australian surveillance for avian influenza viruses in wild birds 
between July 2005 and June 2007. Aust Vet J 87:266–272

	14.	 Grillo VLAK, Hansbro PM, Hurt AC, Warner S, Bergfeld J, Burgess G, Cookson 
B, Dickason CJ, Ferenczi M, Hollingsworth T, Hoque M, Jackson RB, Klaassen 
M, Kirkland PD, Kung NY, Lisovski S, O’Dea M, O’Riley K, Roshier D, Skerratt 
LF, Tracey JP, Wang X, Woods R, Post L (2015) Avian Influenza in Australia: a 
summary of five years wild bird surveillance. Aust Vet J 93:387–393

	15.	 Stallknecht DE, Brown JD (2007) Wild birds and the epidemiology of avian 
influenza. J Wildl Dis 43:S15–S20

	16.	 Hinshaw V, Wood J, Webster R, Deibel R, Turner B (1985) Circulation of 
influenza viruses and paramyxoviruses in waterfowl originating from two 
different areas of North America. Bull World Health Organ 63:711–719

	17.	 Hoyo JD, Elliott A, Sargatal J (1992) Ostrich to ducks. In: Hoyo JD, Elliott 
A, Sargatal J (eds) Handbook of the birds of the World, vol 2. American 
Library Association, Lynx

	18.	 Marchant S, Higgins PJ (1990) Ratites to ducks. In: Marchant S, Higgins 
PJ (eds) Handbook of Australian, New Zealand and Antarctic birds, vol 1. 
Oxford University Press, Melbourne

	19.	 Loyn R, Rogers D, Swindley R, Stamation K, Macak P, Menkhorst P (2014) 
Waterbird monitoring at the Western Treatment Plant, 2000–12: the 
effects of climate and sewage treatment processes on waterbird popula-
tions. Arthur Rylah Institute for Environmental Research Technical Report 
Series

	20.	 Briggs SV (1992) Movement patterns and breeding characteristics of arid 
zone ducks. Corella 16:15–22

	21.	 Gaidet N, Caron A, Cappelle J, Cumming GS, Balanca G, Hammoumi S, 
Cattoli G, Abolnik C, de Almeida RS, Gil P, Fereidouni SR, Grosbois V, Tran A, 
Mundava J, Fofana B, El Mamy ABO, Ndlovu M, Mondain-Monval JY, Triplet 
P, Hagemeijer W, Karesh WB, Newman SH, Dodman T (2012) Understand-
ing the ecological drivers of avian influenza virus infection in wildfowl: a 
continental-scale study across Africa. Proc Biol Sci 279:1131–1141

	22.	 Altizer S, Bartel R, Han BA (2011) Animal migration and infectious disease 
risk. Science 331:296–302

	23.	 Halse S, Jaensch R (1989) Breeding seasons of waterbirds in South-west-
ern Australia—the importance of rainfall. Emu 89:232–249

	24.	 Woodall PF (1985) Waterbird populations in the Brisbane Region, 
1972–83, and correlates with rainfall and water heights. Aust Wildl Res 
12:495–506

	25.	 Ummenhofer CC, England MH, McIntosh PC, Meyers GA, Pook MJ, Risbey 
JS, Gupta AS, Taschetto AS (2009) What causes southeast Australia’s worst 
droughts? Geophys Res Lett 36:L04706

	26.	 Roshier DA, Whetton PH, Allan RJ, Robertson AI (2001) Distribution and 
persistence of temporary wetland habitats in arid Australia in relation to 
climate. Aust Ecol 26:371–384

	27.	 Gergis J, Gallant AJE, Braganza K, Karoly DJ, Allen K, Cullen L, D’Arrigo R, 
Goodwin I, Grierson P, McGregor S (2012) On the long-term context of 
the 1997–2009 ‘Big Dry’in South-Eastern Australia: insights from a 206-
year multi-proxy rainfall reconstruction. Clim Change 111:923–944

	28.	 Power S, Tseitkin F, Torok S, Lavery B, Dahni R, McAvaney B (1998) 
Australian temperature, Australian rainfall and the Southern Oscillation, 
1910–1992: coherent variability and recent changes. Aust Meteorol Mag 
47:85–101

	29.	 Kingsford RT, Roshier DA, Porter JL (2010) Australian waterbirds—time 
and space travellers in dynamic desert landscapes. Mar Freshwater Res 
61:875–884

	30.	 Roshier DA, Robertson AI, Kingsford RT (2002) Responses of waterbirds to 
flooding in an arid region of Australia and implications for conservation. 
Biol Conserv 106:399–411

	31.	 Briggs SV, Maher MT (1985) Limnological studies of waterfowl habitat in 
south-western New South Wales. II. Aquatic macrophyte productivity. 
Aust J Mar Freshw Res 36:707–715

	32.	 Klaassen M, Hoye BJ, Roshier DA (2011) Identifying crucial gaps in our 
knowledge of the life-history of avian influenza viruses—an Australian 
perspective. Emu 111:103–112



Page 12 of 12Ferenczi et al. Vet Res  (2016) 47:23 

•  We accept pre-submission inquiries 

•  Our selector tool helps you to find the most relevant journal

•  We provide round the clock customer support 

•  Convenient online submission

•  Thorough peer review

•  Inclusion in PubMed and all major indexing services 

•  Maximum visibility for your research

Submit your manuscript at
www.biomedcentral.com/submit

Submit your next manuscript to BioMed Central 
and we will help you at every step:

	33.	 Vijaykrishna D, Deng YM, Su YC, Fourment M, Iannello P, Arzey GG, Hans-
bro PM, Arzey KE, Kirkland PD, Warner S, O’Riley K, Barr IG, Smith GJ, Hurt 
AC (2013) The recent establishment of North American H10 lineage influ-
enza viruses in Australian wild waterfowl and the evolution of Australian 
avian influenza viruses. J Virol 87:10182–10189

	34.	 Hamilton AJ, Taylor IR (2004) Distribution of foraging waterbirds through-
out Lake Borrie ponds at the Western Treatment Plant, Victoria (Australia). 
Vic Nat 122:68–78

	35.	 Murray CG, Hamilton AJ (2010) Perspectives on wastewater treatment 
wetlands and waterbird conservation. J Appl Ecol 47:976–985

	36.	 Loyn RH, Swindley RJ, Stamation K (2014) Waste water not wasted: the 
Western treatment plant as a habitat for waterfowl. Vic Nat 131:147–149

	37.	 Johnson FB (1990) Transport of viral specimens. Clin Microbiol Rev 
3:120–131

	38.	 RDevelopment C (2008) TEAM R: a language and environment for statisti-
cal computing. R Foundation for Statistical Computing, Austria

	39.	 Kingsford RT, Norman FI (2002) Australian waterbirds—products of the 
continent’s ecology. Emu 102:1–23

	40.	 Chambers LE, Loyn RH (2006) The influence of climate variability on 
numbers of three waterbird species in Western Port, Victoria, 1973–2002. 
Int J Biometeorol 50:292–304

	41.	 Meteorology. B.o., http://www.bom.gov.au/climate/change/index.shtml#
tabs=Tracker&tracker=timeseries Accessed 1 Jan 2014

	42.	 Halse SA, Jaensch RP (1989) Breeding seasons of waterbirds in south-
western Australia: the importance of rainfall. Emu 89:232–249

	43.	 Letnic M, Dickman CR (2006) Boom means bust: interactions between 
the El Niño/Southern Oscillation (ENSO), rainfall and the processes threat-
ening mammal species in arid Australia. Biodivers Conserv 15:3847–3880

	44.	 Snipes M, Taylor DC (2014) Model selection and Akaike Information 
Criteria: an example from wine ratings and prices. Wine Econ Pol 3:3–9

	45.	 Green SB, Marquis JG, Hershberger SL, Thompson MS, McCollam KM 
(1999) The overparameterized analysis of variance model. Psychol Meth-
ods 4:214

	46.	 Stallknecht D, Shane S, Kearney M, Zwank P (1990) Persistence of avian 
influenza viruses in water. Avian Dis 34:406–411

	47.	 Braithwaite L (1969) Testis cycles of a native duck. J Reprod Fertil 
19:390–391

	48.	 Braithwaite LW (1976) Environment and timing of reproduction and 
flightlessness in two species of Australian ducks. In: Proceedings of the 
16th international ornithology congress, pp 486–501

	49.	 Park AW, Glass K (2007) Dynamic patterns of avian and human influenza 
in east and southeast Asia. Lancet Infect Dis 7:543–548

	50.	 Brown JD, Swayne DE, Cooper RJ, Burns RE, Stallknecht DE (2007) Persis-
tence of H5 and H7 avian influenza viruses in water. Avian Dis 51:285–289

	51.	 Kingsford R, Bino G, Porter J, Brandis K (2013) Waterbird communities in 
the Murray–Darling Basin, 1983–2012. University of New South Wales, 
Sydney

	52.	 Serventy DL, Marshall AJ (1957) Breeding periodicity in Western Austral-
ian birds: with an account of unseasonal nestings in 1953 and 1955. Emu 
57:99–126

	53.	 Loyn RH (1991) Assessing and managing the impact of duck hunting in 
Victoria—a new approach. Wildfowl 42:155–161

	54.	 Loyn RH (1989) The management of duck hunting in Victoria: a review. 
Wildlife Management Branch, National Parks and Wildlife Division, 
Department of Conservation, Forests and Lands, Sydney

	55.	 Anyamba A, Chretien JP, Small J, Tucker CJ, Linthicum KJ (2006) Devel-
oping global climate anomalies suggest potential disease risks for 
2006–2007. Int J Health Geogr 5:60

	56.	 Epstein PR (2001) Climate change and emerging infectious diseases. 
Microbes Infect 3:747–754

	57.	 Kovats RS, Bouma MJ, Hajat S, Worrall E, Haines A (2003) El Niño and 
health. Lancet 362:1481–1489

	58.	 Watts DM., Burke DS, Harrison BA, Whitmire RE, Nisalak A (1986) Effect of 
temperature on the vector efficiency of Aedes aegypti for dengue 2 virus. 
DTIC Document

	59.	 Landesman WJ, Allan BF, Langerhans RB, Knight TM, Chase JM (2007) 
Inter-annual associations between precipitation and human incidence of 
West Nile virus in the United States. Vector Borne Zoonotic Dis 7:337–343

	60.	 Nicholls N (1986) A method for predicting Murray Valley encephalitis in 
southeast Australia using the Southern Oscillation. Aust J Exp Biol Med 
Sci 64:587–594

	61.	 Woodruff RE, Guest CS, Garner MG, Becker N, Lindesay J, Carvan T, Ebi K 
(2002) Predicting Ross River virus epidemics from regional weather data. 
Epidemiology 13:384–393

	62.	 Plowright RK, Field HE, Smith C, Divljan A, Palmer C, Tabor G, Daszak P, 
Foley JE (2008) Reproduction and nutritional stress are risk factors for 
Hendra virus infection in little red flying foxes (Pteropus scapulatus). Proc 
Biol Sci 275:861–869

	63.	 Tabachnick W (2010) Challenges in predicting climate and environmental 
effects on vector-borne disease episystems in a changing world. J Exp 
Biol 213:946–954

http://www.bom.gov.au/climate/change/index.shtml%23tabs%3dTracker%26tracker%3dtimeseries
http://www.bom.gov.au/climate/change/index.shtml%23tabs%3dTracker%26tracker%3dtimeseries

	Avian influenza infection dynamics under variable climatic conditions, viral prevalence is rainfall driven in waterfowl from temperate, south-east Australia
	Abstract 
	Introduction
	Materials and methods
	Faecal sampling and analysis
	Bird counts
	Weather data
	Statistical analysis
	Effects of biotic drivers (bird numbers) on AIV prevalence
	Effects of abiotic drivers (weather) on AIV prevalence
	Interaction of biotic and abiotic drivers affecting AIV prevalence


	Results
	Effects of biotic drivers (bird numbers) on AIV prevalence
	Effects of abiotic drivers (weather) on AIV prevalence
	Interaction of biotic and abiotic drivers affecting AIV prevalence

	Discussion
	Competing interests
	References




